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GVCNN: Group-View Convolutional Neural
Networks for 3D Shape Recognition
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Figure 1. The Group-View CNN framework for 3D shape recognition.
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Scale-Transferrable Object Detection
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(a) Single feature map (b) Feature pyramid network
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(c) Pyramidal feature hierarchy {d) Scale-transfer module
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Pointwise Convolutional Neural Networks
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EFRAPointwise Convolutional Neural Networks.
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Semantic segmentation
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